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Identification of key COVID-19 infection contexts over time
and the importance of within household infections

Identifikation von COVID-19-Infektionskontexten und die Bedeutung von

Infektionen innerhalb des eigenen Haushalts

Abstract

Objectives: Infectious disease outbreaks, most recently the COVID-19
pandemic, have broad societal impacts and may require the introduction
of costly non-pharmaceutical interventions (NPIs). To minimize these
burdens, the identification of infection contexts is paramount: knowing
where infections occur allows the determination of high-risk environ-
ments, the identification of outbreak sources, and finally the introduction
of targeted, and thus cost-efficient NPIs.

Methods: Starting in February 2020, the Cologne public health depart-
ment interviewed all PCR-confirmed COVID-19 cases residing in Cologne
regarding their probable infection context. The collected individual-level
data was entered into an in-house-developed software. From these in-
terviews, aggregated case numbers for the different infection contexts
are available at the daily level. The manuscript provides an explorative
analysis of the aggregated data.

Results: During 2021, within-one’s-own-household was the dominant
known infection context in Cologne. Following within-own-household-
infections, the contributions differed over time, with notable contribu-
tions of shared accommodations (specifically nursing homes) early in
the year, large contributions of disease import during the summer of
2021, and increasing contributions of family (different household) and
leisure miscellaneous over the course of 2021.

Conclusion: The analysis reveals that the combination of state-mandated
NPIs and voluntary behavior adaptations strongly influenced the regional
spreading dynamics and managed to limit infections in critical contexts,
such as nursing homes.

Keywords: COVID-19, SARS-CoV-2, infection contexts, infectious disease,
nonpharmaceutical interventions

Zusammenfassung

Zielsetzung: Epidemien und Pandemien, zuletzt die COVID-19-Pandemie,
haben weitreichende gesellschaftliche Auswirkungen und kénnen die
EinfGhrung kostenintensiver nichtpharmazeutischer Interventionen
(NPIs) erfordern. Um diese Kosten zu minimieren, ist die ldentifikation
von Infektionskontexten von essenzieller Bedeutung, denn, zu wissen,
wo Infektionen auftreten, ermoglicht die Bestimmung von Hochrisikoum-
gebungen, die ldentifizierung von Ausbruchsquellen und die Einfihrung
gezielter und damit kosteneffizienter NPIs.

Methode: Im Februar 2020 begann das Gesundheitsamt Kéln alle PCR-
bestatigten COVID-19-Falle mit Wohnsitz in K6In zu ihrem wahrschein-
lichen Infektionskontext zu befragen. Die gesammelten Individualdaten
wurden in eine im Gesundheitsamt entwickelte Software eingepflegt.
Aus diesen Befragungen liegen aggregierte Fallzahlen fir die verschie-
denen Infektionskontexte auf Tagesebene vor. Das Manuskript stellt
die explorative Analyse der aggregierten Daten vor.
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Ergebnisse: Im Jahr 2021 war der eigene Haushalt der dominierende
bekannte Infektionskontext in Kdéln. Nach Infektionen im eigenen
Haushalt variierten die Beitrage Uber die Zeit: Zu Beginn des Jahres
2021 erfolgte ein erheblicher Anteil der registrierten Falle in Gemein-
schaftsunterklinften (insbesondere Pflegeheimen), im Sommer 2021
gab es eine erhohte Zahl von Infektionsimporten durch Reisertickkeh-
rer/innen, und im Verlauf des Jahres trugen Sozialkontakte zu Familien
anderer Haushalte und sonstige Sozialkontakte zunehmend zu den
Fallzahlen bei.

Fazit: Die Analyse zeigt, dass die Kombination aus staatlich verordneten
NPIs und freiwilligen Verhaltensanpassungen die regionale Ausbreitungs-
dynamik stark beeinflusste, und es schaffte, Infektionen in kritischen

Kontexten, wie etwa Pflegeeinrichtungen, zu reduzieren.

Schliisselworter: COVID-19, SARS-CoV-2, Infektionskontexte,

Infektionskrankheit, nichtpharmazeutische Interventionen

Introduction

Outbreaks of infectious diseases, most recently and no-
tably the COVID-19 pandemic, often have broad societal
impacts, ranging from their effect on the healthcare sys-
tem on the one hand, to social, psychological, and eco-
nomic consequences on the other [1]. Infectious disease
outbreaks may burden the healthcare system such that
hospitals may become saturated with patients, exceeding
the bed, equipment, and intensive care unit capacity [2],
[3]. Furthermore, quarantine may isolate individuals,
weaken social connections, and increase individuals’
anxiety and feeling of uncertainty. During such outbreaks,
individuals are often plagued by fear of infection and
potential trauma from loss of loved ones or personal
health threats on the one hand, and increased stress due
to economic uncertainties on the other hand [4]. Finally,
on an economic level, infectious disease outbreaks may
reduce workforce productivity, cause job losses and in-
come instability, affect and interrupt supply chains, lead
to increased healthcare and social support expenses and
potentially end in long-term economic recession or slow-
down [5].

The impact of disease outbreaks is highly comprehensive,
and keeping societal burdens during such an outbreak
to a minimum is very important. Bearing this in mind,
identifying specific infection contexts and their contribu-
tions to overall spread is paramount for effective disease
mitigation and supports minimization efforts in several
ways:

1. ldentification of infection contexts allows public health
officials to identify high-risk environments, revealing
the environments and settings in which the disease
is most likely to spread. Such high-risk environments
might include workplace clusters, healthcare facilities,
schools, public transport, or social gatherings [6], [7].

2. The identification of the probable infection context
aids the identification of the potential source of the
outbreaks. It increases understanding of how the
disease is spreading and in turn, allows public health

officials to track connections between different infec-
tion clusters.

3. Knowledge of specific infection locations enables
precise, targeted interventions that can effectively
control transmission while minimizing the social,
psychological, and economic burdens associated with
general lockdowns. Examples may include the imple-
mentation of localized quarantine measures, the
provision of targeted education and prevention efforts,
and if necessary, the closure of high-risk activity types
and locations.

During an outbreak investigation, case interviews are one
valuable qualitative research method to collect detailed
data on the circumstances and potential sources of dis-
ease transmission. By conducting in-depth, structured
interviews with index cases, public health authorities
and/or researchers can systematically gather data on
recent contacts, locations visited, potential exposures,
and specific events or interactions that might have con-
tributed to the infection [8], [9], [10]. Such case interviews
were conducted by the Cologne public health department,
starting with the registration of the first COVID-19 case
in the city of Cologne in February 2020. In these inter-
views, the Cologne health department collected, among
other things, information on infection contexts.

This study analyzed the data collected by the Cologne
public health department. The contributions of different
infection contexts to the overall infection dynamics were
quantified, and how these contributions changed over
the course of 2021 was examined. The influence of
within-household infections is highlighted, and the increas-
ing influence of disease import following the school
summer holidays of 2021 as well as the mitigation effect
of targeted pharmaceutical and nonpharmaceutical inter-
ventions are discussed. The findings are compared to
international research results and highlight how the
identification of COVID-19 infection contexts is not only
relevant in hindsight for the COVID-19 pandemic but may
also aid disease mitigation during potential future out-
breaks.
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Table 1: COVID-19 infection contexts as recorded by the CPHD

Probable infection context

App contact: Infections which were acquired from someone whom the Corona-Warn-App reported as a high-
risk contact.

As patient: Hospital-acquired infections.

Disease import: Infections which were acquired during international and/or domestic travel.

Educational setting: Infections which were acquired while attending any educational institution. This does not
include teachers.

Family (different household): Infections which were acquired from a family member who does not live in the
infected individual’'s household.

Leisure miscellaneous: Infections which were acquired while meeting a non-family member/non-family
members in a leisure context.

Miscellaneous: Infections which were acquired in a context that does not fall into any of the named categories.

Own household: Infections which were acquired in one’s own household.

Shared accommodation: Infections which were acquired while residing in a community facility. This includes
care and retirement homes, as well as accommodations for refugees in which kitchen, bathroom, and possible

communal spaces are shared.

Unknown: Infections for which the infected individuals claim that they do not know where they got infected.

Unrecorded: No information on the infection context was provided.

Work setting: Infections which were acquired at work.

Note: Probable infection contexts were first collected via telephone interviews, while from February 2022 onwards,
cases were asked to enter their probable infection contexts into the software DiKoMa themselves.

Method

Data collection

Starting with the first COVID-19 case reported in the city
of Cologne in February 2020, the Cologne public health
department (CPHD) contacted all index cases residing in
Cologne via telephone. The index cases were interviewed
regarding their probable infection context (Table 1). If
applicable, the CPHD collected relevant information sur-
rounding the index case’s most recent travel. In this pro-
cess, the CPHD furthermore collected information on all
in-person contacts from the last two days prior to the
positive test result or before symptom onset, along with
the index case’s symptoms, comorbidities, risk factors,
and vaccination status. The collected data were entered
into the in-house developed software system DiKoMa
(Digital Contact Person Management) [11]. Then, employ-
ees from the CPHD either called or e-mailed contacts of
the index case to provide them access to their own digital
user profile. In their user profile, the index case and their
contacts were given the opportunity to keep an online
symptom diary. Furthermore, with the help of the DikoMa
software and in line with the contemporaneous regula-
tions of the federal government of the federal state of
North Rhine-Westphalia (NRW, the federal state in which
Cologne is located), the orders for isolation and quaran-
tine were automatically sent out.

In November 2021, in response to the significant increase
in cases, the CPHD began streamlining processes: Initially,
not all contacts were called by phone; later, not all index
cases were called. Then, the surge of cases during the
initial Omicron wave in late 2021 required further adjust-
ments and prompted the CPHD to prioritize contacting
vulnerable groups (e.g., persons over the age of 70, per-

sons residing in nursing or community care facilities). To
further decrease the department’s workload, citizens,
after providing an e-mail address, were given the oppor-
tunity to self-register in DikoMa and create a user profile.
From December 2021 onwards, self-entry of previous ill-
nesses and vaccination status, and from February 2022
onwards, self-entry of infection context was possible. This
self-entering process facilitated data collection and al-
lowed the department to assess individual risk for severe
disease progression during high-incidence periods.

Data analysis

This analysis focuses on the infection contexts identified
via the telephone interviews and the self-entered data
from 2021. Other COVID-19 data collected by the CPHD
are not considered. The analysis was performed in R [12],
and relies on the tidyverse [13]. While Broichhaus et al.
[14] used the same data source, their focus lay on 2020,
and they did not look at developments over time.

Results

Cases by category

Throughout 2021, there were a relatively large
number of infections for which the infection context
is unknown (Figure 1A; see Figure 1B for the 7-day-inci-
dence/100,000 in Cologne). The second-largest observed
infection context, after unknown, is own household.
Within-own-household infections are critical for the miti-
gation of infectious diseases: On the one hand, if spread
between households is completely suppressed, then the
only secondary cases that might stem from an index case
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Figure 1: A. Weekly number of cases per infection context in the city of Cologne. B. Daily 7-day-incidence/100,000 for the city
of Cologne (color coded with the virus strain dominant at that time). The graph depicts the remainder of the wildtype winter
wave (pink), the Alpha wave (orange), the first Delta wave caused by disease import (see Figure 1A, Figure 2), the second Delta
wave peaking in November 2021 (blue), and the onset of the Omicron wave (green). Data source: RKI VOC and weekly reports
for virus strain dominance in NRW [22]

are within-own-household infections and the disease will
eventually die out [15], [16]. On the other hand, if the
effective R-value in private households is larger than one,
then any small probability to spread between households
may lead to exponential spreading. To target spread
within households, the government may introduce non-
pharmaceutical interventions (NPIs), such as quarantine
hotels for infected persons and their contacts, e.g., as
practiced during the COVID-19 pandemic in Italy and the
US [17], [18]. However, throughout the COVID-19 pandem-
ic, German decision-makers opted against implementing
within-household measures, which proved to be justified:
because of a secondary infection risk in households suf-
ficiently far below one [19], they were never necessary.
Nevertheless, the permissible band of acceptable infec-
tions outside households may be small [15].

The next observation was that the Delta summer wave,
starting in July 2021, was initiated by disease import.
This import was followed by a large number of household

infections as well as increasing infection numbers in all
remaining contexts. This summer wave subsided in late
September 2021, following the cessation of disease im-
port with the end of summer vacation.

Cases as shares

Despite providing some insight, as long as reducing
within-household infections is not considered for disease
mitigation, showing within-household infections as the
leading infection is not constructive: It can even be
counter-productive, since the misleading perception that
most infections happen in households may arise, which
would make any disease mitigation strategy meaningless
[20]. To address this drawback, we removed the infec-
tions for which the infection context is unknown and
plotted the shares of the known infection contexts over
time (Figure 2).
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Figure 3: Weekly number of cases for each considered category divided by weekly number of cases within-own-household for
the city of Cologne

Figure 2 is, however, still misleading in what it communi-
cates. For example, the strong share of disease import
during summer 2021 pushed down the share of within-
household infections, consequentially making them
seeming less important, despite the fact that their contri-
bution to the infection dynamics remained the same.

Infections relative to within-household
infections

For the aforementioned reasons, we divided all case
numbers by the number of cases at home for the same
time period (Figure 3).

At the beginning of 2021, there were relatively few infec-
tions outside one's own household; the population largely
complied with the restrictive regime and/or voluntarily
reduced contacts and activities outside their own

household (see supplementary Fig. S2 and supplement
section 5 in Attachment 1). The main infections stemmed
from shared accommodations, including (not shown in
Figure 3) nursing homes. These, however, subsided fairly
quickly because these institutions were prioritized in the
vaccination campaign [21]. The work environment was
a significant infection context in early 2021, but its pre-
valence gradually declined following the implementation
of working-from-home policies [22]. The remaining infec-
tions stem, in equal parts, from family (different house-
hold) and leisure miscellaneous. Schools and daycare
were mostly closed during the first half of 2021.

Starting in June 2021, a change in the contributions of
the different infection contexts can be observed: By then,
the majority of the adult population was vaccinated (see
supplementary Fig. S1 in Attachment 1) and restrictions
were relaxed (see supplement section 5 in Attachment 1).
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Furthermore, COVID-19 infection dynamics in Germany
were generally assumed to be sub-critical (R<1) because
of the summer effect. Thus, during the summer of 2021,
an increased number of infections stemmed from con-
tacts with friends, but the truly striking feature is the
enormous number of disease imports - more than twice
as many cases as generated within households. However,
these disease import numbers are probably skewed, as
one person of the household may have become infected
while traveling, then (while still traveling) carried the in-
fection into the family and finally the whole infected
family returned. Consequently, all infected family mem-
bers were counted as disease import, while all but one
could also be counted as within-household infections.
Unfortunately, the data do not allow this distinction to be
made.

In addition, in the summer of 2021, infections contracted
in schools (educational setting) increased, due to the
(then) low vaccination rate among pupils compared to
adults (see supplementary Fig. S1 in Attachment 1). The
possible contribution of schools during the period before
the population was vaccinated, i.e., before summer 2021,
cannot be assessed from this data, since schools were
largely closed (see supplement section 1 in Attach-
ment 1). However, it is apparent that schools, even with
the suppression regimens operating in fall 2021 (rapid
antigen testing three times per week in secondary
schools, pool PCR testing twice per week in elementary
schools, masks during classes until mid-October, im-
proved air quality, see supplement section 1 in Attach-
ment 1), had a sizable impact once opened. The local
minimum in October is a consequence of two weeks of
school vacation. After that, mask mandates at schools
were lifted for a couple of weeks, and universities re-
opened.

In November 2021, contributions of leisure miscellaneous
and educational setting showed a brief increase, before
gradually declining. This is the period of the growing
second Delta wave, when the population again reduced
their mobility and contacts (see supplementary Fig. S2
in Attachment 1). The miscellaneous peak in November
is a consequence of the Cologne carnival, which has a
large event on the 11" of November, and where despite
attempts to have festivities outdoors, much activity
happened indoors. Finally, at the end of December, there
is a Christmas peak, consisting of disease import, family
(different household), and leisure miscellaneous.

Discussion

Our analysis supports the hypothesis that the introduction
of (non-)pharmaceutical interventions, both by the nation-
al and federal government, had a strong influence on the
regional COVID-19 spreading dynamics. The vulnerable
contexts of nursing homes and hospitals were targeted
and thereby defused by vaccinations early; voluntary and
state-mandated contact reductions reduced infections
in spring 2021. Our analysis also shows that disease

import has an enormous influence. The only reason why
Germany did not experience exponential growth of case
number in July/August 2021 was that the overall R-value,
because of the recent vaccinations and the summer ef-
fect, was below one, and thus the disease import did not
trigger intrinsic exponential growth.

It is important to note that this disease import does not
only concern new variants, but any travel activity where
the probability to become infected is larger than at home.
This can, for example, concern a stay in an area with a
higher incidence than at home, a travel mode with a high
probability to become infected while en route, or more
indoors visits than at home even when incidences are
similar.

A comparison with data from the canton of Zurich is re-
vealing, because the canton is the only other location
that provided data on infection contexts in sufficiently
similar categories and over time [23]. When plotting either
the infection numbers or the infection shares over time,
the same issue arises as for the city of Cologne; the data
varies wildly (see supplementary Fig. S3 and Fig. S4 in
Attachment 1). However, when dividing the number of
infections for each infection context by the within-one’s-
own-household infections, the results fluctuate even less
than for the Cologne data (Figure 4). Furthermore, the
overall trend is similar: Small quotients until the summer,
then strong disease import and large fluctuations, and
considerably more out-of-home infections after the sum-
mer.

For other locations, information on infection contexts is
only available for a single point in time (for details see
supplementary material in Attachment 1), which limits
the comparability to the Cologne data. Furthermore, even
when wanting to compare the prevalence of different in-
fection contexts across nations at single points in time,
one must be extremely careful as different countries in-
troduced nonpharmaceutical interventions that targeted
different activity types. Still, we note that, once large
events are prohibited and care facilities are targeted via
vaccinations and/or visiting bans, the community trans-
mission consists of work contexts, educational contexts,
non-household family contexts, and non-family leisure
contexts in approximately equal shares.

Limitations

Unfortunately, this analysis was only possible from 2021
onwards. In 2020, the Cologne health department did
not differentiate the infection contexts own household,
family (different household), and leisure miscellaneous,
but collectively called them social contacts. Additionally,
with rising infection numbers in late 2021, the public
Cologne health department was unable to reach out to
all contact persons and later all index cases. Hence, un-
derreporting and incomplete data must be assumed from
late November 2021 onwards and consequently, this
analysis focuses on 2021 only.
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Figure 4: Weekly number of cases for each considered category divided by weekly number of cases within-own-household for
the Canton of Zurich

Another limitation is the index cases’ compliance in case
interviews: An index case may be influenced by fear of
official prosecution when admitting to the disregard of
the ordered measures (for example when admitting to
attending a prohibited indoor gathering) and/or a general
distrust of public authorities [24]. They may be scared of
social consequences when naming social contacts as
contact persons and/or possible infection sources, as
this may result in ordered quarantine for the contact(s).
Individuals may furthermore be unable to provide ad-
equate information on their infection context and/or
contact history due to a language barrier or a lack of un-
derstanding of the circulating virus. Finally, it shall be
noted that the collected data is based on human memory,
which has its failabilities [25].

Conclusion

For future potential epidemic outbreaks, we conclude:
The determination of infection contexts from case inter-
views is a powerful tool to identify high-risk environments
and potential outbreak sources to then determine mitiga-
tion strategies if TTI fails. In such case interviews, it is
paramount to have “within-one's-own-household” as a
separate category when determining infection contexts.
This is important since social contacts outside one’s own
household are easier to reduce and cut than contacts
inside one’s household. The division of the infection
numbers of all other contexts by the number of infections
at home allows a precise assessment of the relative
contributions of each infection context, independent from
changing incidences or changing regimes. If, in addition,
the secondary attack rate at home is known, then one
can even determine the permissible share of other infec-
tions. This allows to fine-tune suppression measures even
when little is known about the exact transmission routes
of the disease.

To facilitate the determination of infection contexts,
public health departments should have software that al-
lows infected people to register and self-enter the infec-
tion contexts. This allows the health departments to
concentrate on persons unable to do this by themselves,
thus economizing scarce resources.

It will not necessarily be the case that a future pandemic
will follow the same (largely aerosol-based) transmission
route. In consequence, health departments need to be
ready to accept other problematic infection contexts than
those for COVID-19.

Notes
Authors’ ORCIDs

e Hurraf J: https://orcid.org/0000-0002-9512-9338
¢ Paltra S: https://orcid.org/0000-0002-4935-8586
e Miiller S: https://orcid.org/0000-0002-3103-8955
¢ Kossow A: https://orcid.org/0000-0002-4648-4851
¢ Nagel K: https://orcid.org/0000-0003-2775-6898

Ethical approval

Ethical approval is not required, as all analyzed data is
fully and irreversibly anonymized.

Funding

The data was collected by the public health authority of
Cologne (Gesundheitsamt Koln) as part of their efforts to
manage COVID-19. The work on the paper was funded
by the Ministry of research and education (BMBF) Ger-
many (grant numbers 031L0300D, 031L0302A), Gesund-
heitsamt KoIn, and TU Berlin.

o)

GMS

GMS Hygiene and Infection Control 2026, Vol. 21, ISSN 2196-5226

7/9


https://orcid.org/0000-0002-9512-9338
https://orcid.org/0000-0002-4935-8586
https://orcid.org/0000-0002-3103-8955
https://orcid.org/0000-0002-4648-4851
https://orcid.org/0000-0003-2775-6898

HurraB et al.: Identification of key COVID-19 infection contexts ...

ACkn OWled gments 10. FetzerT, Grqeb.er T Measuring the scientific effectiveness of
contact tracing: Evidence from a natural experiment. Proc Natl
Acad Sci U S A. 2021 Aug 17;118(33):2100814118. DOI:

We thank Rafael Mikolajczyk for insightful discussion and 10.1073/pnas.2100814118

heIpfuI feedback. 11. Neuhann F, Buess M, Wolff A, Pusch L, Kossow A, Winkler M, et

al. Entwicklung einer Software zur Unterstitzung der Prozesse

Com peti ng interests im Gesundheitsamt der Stadt KéIn in der SARS-CoV-2-Pandemie,

Digitales Kontaktmanagement (DiKoMa). Epid Bull. 2020;23:1-

The authors declare that they have no competing in- 10.DOI: 10.25646/6923

terests. 12.  The RCore Team. A Language and Environment for Statistical

Computing. 2021. Available from: https://www.R-project.org/
13.  Wickham H, Averick M, Bryan J, Chang W, McGowan L, Francgois
Attach ments R, et al. Welcome to the tidyverse. J Open Source Softw. 2019
Nov 21;4(43):1686. DOI: 10.21105/j0ss.01686

Available from https://doi.org/10.3205/dgkh000678 14.  Broichhaus L, Book J, Feddern S, Griine B, Neuhann F, Nieen

1. Attachmentl_dgkh000678.pdf (2335 KB) J, Wiesmiller GA, Kossow A, Joisten C. Where is the greatest risk
S lementary materials of COVID-19 infection? Findings from Germany’s largest public

upp y health department, Cologne. PLoS One. 2022 Aug
24;17(8):e0273496. DOI: 10.1371/journal.pone.0273496
15.  Parker A, Dawood H. SARS-CoV-2 transmission: time to rethink
Refe rences public health strategy. Lancet Infect Dis. 2022 Jun;22(6):748-
750. DOI: 10.1016/S1473-3099(22)00137-2

1. Nicola M, Alsafi Z, Sohrabi C, Kerwan A, Al-Jabir A, losifidis C, 16. Cohen C’ K]eynhans _JY von Gottberg AY McMorrow ML, Wolter NY
Agha M, Agha R. The socio-economic implications of the Bhiman JN, Moyes J, du Plessis M, Carrim M, Buys A, Martinson
coronavirus pandemic (COVID-19): A review. Int J Surg. 2020 NA, Kahn K, Tollman S, Lebina L, Wafawanaka F, du Toit JD,
Jun;78:185-193. DOI: 10.1016/j.ijsu.2020.04.018 Gomez-Olivé FX, Dawood FS, Mkhencele T, Sun K, Viboud C,

2. Nuzzo JB, Meyer D, Snyder M, Ravi SJ, Lapascu A, Souleles J, Tempig S; PHIRST—C Group.SARS—CoV—2inciQence, transmission,
Andrada CI, Bishai D. What makes health systems resilient and reinfection in a rural and an‘urban setting: results of the.
against infectious disease outbreaks and natural hazards? PHIRST-C cohort study, South Africa, 2020-21. Lancet Infect Dis.
Results from a scoping review. BMC Public Health. 2019 Oct 2022 Jun;22(6):821-834. DOI: 10.1016/51473-
17:19(1):1310. DOI: 10.1186/512889-019-7707-2 3099(22)00069-X

3. Mateen BA, Wilde H, Dennis JM, Duncan A, Thomas N, McGovern 1r. Stingon.e C, Latini A, Gian§erra L Sa.lvi M, Don? MG_’ (.L%iul.iani E,
A, Denaxas S, Keeling M, Volimer S. Hospital bed capacity and Lesnoni La Parola.l, Mu53| A lCamell N, Garelli V, Giuliani M,

. . . Buonomini AR, Vujovic B, Cerimele M, Morrone A. Features of
usage across secondary healthcare providers in England during fragile people with SARS-CoV-2 infection in isolation in a COVID-
the first wave of the COVID-19 pandemic: a descriptive anglysis. 19 hotel in Rome, ltaly. Eur Rev Med Pharmacol Sci. 2022
gggg_ ’3)3292252”6“ 26:11{1):¢042945. DOI: 10.1136/bmjopen Apr;26(7):2631-2638. DOI: 10.26355/eurrev_202204_28501

4, Autenrieth LK, Asselmann E, Melzig CA, Benke C. Fear of COVID- 18.  FuchsJD, Carter HC, Evans J, Graham-Squwe D, ImbertE, Bqume
19 predicts increases in anxiety, depressive symptoms, health i\ Tzavr;rl]ai;jsjk(;ztgsj I\ SB?)?;?E)PEZZE’\;RSE::!E; |\Fj| Jwé?r?\g/hg?b'zg
anxiety, psychosocial distress, and loneliness: Findings from a N’ Kushel M’ Kanza;ia HK Aésessm;ent ofa Hotel-’BasedYCOVID-
g;os_;iiit_i:\ég\_/\icg)éeegéﬁll%v fg 12t/u.d.y.sJ :;{Z?gg; 4e 2'720012; 1§ Isolation’and Quaranti.ne Strategy for Persons Experiencing

e T Jpsy ’ o Homelessness. JAMA Netw Open. 2021 Mar 1;4(3):e210490.

5. Almeida V, Barrios S, Christl M, De Poli S, Tumino A, van der DOI: 10.1001/jamanetworkopen.2021.0490
Wielen W. The impact of COVID-19 on households’ income in the . . .

EU.J Econ Inequal. 2021;19(3):413-431. DOI: 10.1007/s10888-  0-  Streeck H, Schulte B, Kimmerer BM, Richter E, Holler T,
021-09485-8 Fuhrmann C, Bartok E, Dolscheid-Pommerich R, Berger M,
Wessendorf L, Eschbach-Bludau M, Kellings A, Schwaiger A,

6. Chang S, Pierson E, Koh PW, Gerardin J, Redbird B, Grusky D, Coenen M, Hoffmann P, Stoffel-Wagner B, N6then MM, Eis-
Leskovec J. Mobility network models of COVID-19 explain Hubinger AM, Exner M, Schmithausen RM, Schmid M, Hartmann
inequities and inform reopening. Nature. 2021 G. Infection fatality rate of SARS-CoV2 in a super-spreading event
Jan;589(7840):82-87. DOI: 10.1038/s41586-020-2923-3 in Germany. Nat Commun. 2020 Nov 17;11(1):5829. DOI:

. 10.1038/s41467-020-19509-y

1. Mdller SA, Balmer M, Charlton W, Ewert R, Neumann A, Rakow
C, Schlenther T, Nagel K. Predicting the effects of COVID-19 20. Vallentin C, Fischer L, Lidemann D. Corona-Lockdown: In
related interventions in urban settings by combining activity- Restaurants steckt sich niemand an? Das ist das falsche
based modelling, agent-based simulation, and mobile phone Argument. ZEIT ONLINE. 2020 Oct 29. Available from: https://
data. PLoS One. 2021 Oct 28;16(10):e0259037. DOI: www.zeit.de/wissen/gesundheit/2020-10/corona-lockdown-
10.1371/journal.pone.0259037 gastronomie-haushalte-rki-daten-neuinfektionen

8. Thomas Craig KJ, Rizvi R, Willis VC, Kassler WJ, Jackson GP. 21. Standige Impfkommission (STIKO). Grafisch gestalteter
Effectiveness of Contact Tracing for Viral Disease Mitigation and Stufenplan der STIKO zur Priorisierung der COVID-19-Impfung
Suppression: Evidence-Based Review. JMIR Public Health Surveill. (4.2.2021). RKI; Feb 2021. Available from: https://www.rki.de/
2021 Oct 6;7(10):e32468. DOI: 10.2196/32468 DE/Themen/Infektionskrankheiten/Impfen/Impfungen-A-Z/

. . . COVID-19/Stufenplan.pdf
9. Davis EL, Lucas TCD, Borlase A, Pollington TM, Abbott S, Ayabina
D, Crellen T, Hellewell J, Pi L; CMMID COVID-19 Working Group;
Medley GF, Hollingsworth TD, Klepac P. Contact tracing is an
imperfect tool for controlling COVID-19 transmission and relies
on population adherence. Nat Commun. 2021 Sep
13;12(1):5412. DOI: 10.1038/s41467-021-25531-5
D
GMS /K‘@ GMS Hygiene and Infection Control 2026, Vol. 21, ISSN 2196-5226 8/9




HurraB et al.: Identification of key COVID-19 infection contexts ...

22.  Robert Koch-Institut (RKI). 5. Bericht zu Virusvarianten von SARS-  Corresponding author:
CoV-2 in Deutschland, insbesondere zur Variant of Concern (VOC) - .
B.1.1.7 (31.3.2021). RKI; 2021 Mar. Available from: https:// Priv.-Doz. Dr. Julia Hurraf8 _
www.rki.de/DE/Themen/Infektionskrankheiten/ HYGIUM - Center for Hygiene and Environmental
Infektionskrankheiten-A-Z/C/COVID-19-Pandemie/DESH/Bericht_  Medicine, Horbeller Strafle 18-20, 50858 Koéln, Germany,
VOC_2021-03-31.pdf +49 221 940 505 545
23.  Gesundheitsdirektion Kanton Ziirich. Daten aus dem SARS-Cov-  j.hurras@hygium.de
2 Contact Tracing im Kanton Zurich. 2022 Mar 28. Available
from: https://github.com/openZH/covid_19_contact_tracing_ZH Please cite as
24.  Imperial College London. Covid-19: Perceptions of Contact HurraB J, Paltra S, Wolff A, Grine B, Mdiller S, Kossow A, NieBen J,
Tracing. Global Report. 2020 Aug. Available from: https:// Nagel K. Identification of key COVID-19 infection contexts over time
www.imperial.ac.uk/media/imperial-college/institute-of-global-  and the importance of within household infections. GMS Hyg Infect
health-innovation/Global_ICL-YouGov-Covid-19-Behaviour- Control. 2026;21:Doc69.
Tracker_contact-tracing_20200821_vF[1].pdf DOI: 10.3205/dgkh000678, URN: urn:nbn:de:0183-dgkh0006788
25.  Garry M, Hope L, Zajac R, Verrall AJ, Robertson JM. Contact . o .
Tracing: A Memory Task With Consequences for Public Health. This artlcle' is freely available from
Perspect Psychol Sci. 2021 Jan;16(1):175-187. DOI: https://doi.org/10.3205/dgkh000678
10.1177/1745691620978205
Published: 2026-09-15
Copyright
©2026 Hurraf et al. This is an Open Access article distributed under
the terms of the Creative Commons Attribution 4.0 License. See license
information at http://creativecommons.org/licenses/by/4.0/.
GMS | (5 | |
GMS Hygiene and Infection Control 2026, Vol. 21, ISSN 2196-5226 9/9




